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Forecasts of “normal”
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What about “above” and “below”?

Lead-time (in months)
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Seasonal Climate Forecasts

Verification of real-time seasonal forecasts:
2018/19 - 2022/23

Attributes Diagram: NORMAL (NDJ precip; ICs Aug)
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Can users understand verification statistics?
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Tailored forecasting
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Yield Index

Seasonal forecast characteristics influence the financial success of farming strategies
Willem A. Landman, Mark Tadross, Peter Johnston, Olivier Crespo, Emma Archer

4 - Pearson Correlation:

1990-1998: 0.73 (98.8%)
2001-2009: 0.79 (99.5%)
3 L 1988-2009: 0.58 (99.8%)
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Standard Deviation
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Lessons learnt from seasonal forecast verification

* Southern Africa ranks low against other ENSO-related areas

* Do not predict for the normal category

* Wet-season forecasts work best

* Operational forecasts over recent 5 years have skill

* Operational forecasts should be accompanied by verification statistics
* Financial benefits can be obtained when using forecasts

* ENSO forecasting skilful, but sometime lacks the ability to capture extreme
ENSO events
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